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General concepts:

Subjects Covered In this Course

- Cost | Risk I Loss functions

- Features
- Overfitting

- Approximation vs. Estimation trade off
- Bias vs. Variance trade off

- Cross validation
- Regularization

- Bagging
- Boosting
- Gradient Descent
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Feed-forward vs. Recurrent
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Back-Propagation
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Back-Propagation
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Back-Propagation - MLP
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Back-Propagation and MLPs
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